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An Improved KNN Algorithm Based on Clustering

FAN Dong—hui'?, WANG Zhi—he', CHEN Jian—hua', XU Hu—yin'

(1.College of Mathematics and Information Science, Northwest Normal University, Lanzhou 730070, China; 2.Zhumadian Vocational and
Technical College, Zhumadian 463000, China)

Abstract: By studying the KNN algorithm, I proposed the method a training set of text clustering results using KNN algorithm to im-
prove, first the training set using text DBSCAN algorithm to cluster together, the text is divided into a number of training set clusters, then
using KNN algorithm test document for testing, and finally with the nearest cluster of n number of training set in the text text using KNN
algorithm to classify the test. Experiments show that the improved algorithm reduces the amount of computation, improve efficiency, while

a certain improvement of clustering results.
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OracleDataAdapter oda = new OracleDataAdapter();
oda.SelectCommand = e¢md;

DataSet ds = new DataSet();

oda.Fill(ds, tablename);
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foreach (DataRow theRow in ds.Tables[tablename].Rows)
{ zdz_struct tempstruct = new zdz_struct();
tempstruct.obtid = "59287";

tempstruct.areacode = " Je

if (theRow["ddatetime"|.ToString() != null && theRow["ddatetime"].ToString() !="")
{ tempstruct.ddatetime = Convert.ToString(theRow["ddatetime"]);}

if (theRow["temp"].ToString() != null && theRow["temp"].ToString() !="")

{ tempstruct.temp = Convert.ToDouble(theRow["temp"]); }
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