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Color image segm entation based on m ean shift and multi-feature fusion

LIHua ZHANG M ingxin ZHENG Jing-long

(College of Mathanatics and Infomation Science Northwest Nomal University Lanzhou Gansu 730070, China)

Abstract Since mean shift segnentation algoritm merely concems about color and spatial nfomation of inages and is

not sufficient to segnent mages with complex texture A new color inage segmentation method using the combnation of colox

texture and spatial mfomation was presented in this paper Image feature with color spatial and texture including polarity

anisotropy and contrast were exacted fran mages Segmentation results were oblained by mean shift fillering and merging

regions The experiment results show that the proposed algoritim illustrates excellent perfomance to natural mages with

canplex texture
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